
 
 

A study of the Prediction of trading the Nikkei 225 Stock Price  
Based on Neural Network using Daily Chart 

* 
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Summary 
The many researches have been conducted to predict the stock price and decide sales transaction in the past. The 
prediction of the trade signal which means the timing of selling and buying the stock has the advantage and 
could effectively reduce the number of the transaction rather than the stock price movement each transaction. 
The investor uses the investment indices as fundamental analysis and technical analysis. We focus on the candle 
chart which shows the flow transaction in the market technical analysis. There is Sakata ruled line method in the 
technical analysis and the method uses the combinations of the chart to predict the trade signal. In this study, we 
created the Neural Network based on these indices assigned to teacher signal and investigate the earning rate by 
transaction predictive simulation in the each signal. 
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Table 5. 2010  

 

( )

 

 
/  

 

 

 

 

1 199 18.70% E  0.4 2 3

2 179 16.82% C  0.6 2 3

3 177 16.64% C  0.7 2 2

4 177 16.64% F  0.7 2 3

5 177 16.64% C  0.7 2 3

6 174 16.35% A  0.4 2 2

7 174 16.35% B  0.4 2 2

8 174 16.35% C  0.4 2 2

9 173 16.26% A  0.7 2 2

10 173 16.26% B  0.7 2 2

 

Table 6. 2011  
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1 504 48.55% A  0.7 2 3

2 457 44.03% A  0.7 2 3

3 376 36.22% A  0.6 2 3

4 372 35.84% A  0.6 2 3

5 367 35.36% A  0.7 2 2

6 367 35.36% D  0.7 2 3

7 367 35.36% A  0.7 3 3

8 348 33.53% A  0.7 2 1

9 348 33.53% D  0.7 2 2

10 348 33.53% A  0.7 3 2

 

Table 7. 2012  
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1 268 31.42% F  0 2 2

2 246 28.84% D  0 2 2

3 228 26.73% C  0.2 2 2

4 228 26.73% F  0.2 2 3

5 228 26.73% C  0.2 3 3

6 225 26.38% D  0.2 2 3

7 225 26.38% A  0.2 3 3

8 224 26.26% B  0.2 3 3

9 219 25.67% E  0.2 2 3

10 206 24.15% F  0.2 2 2
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Fig. 1. . 
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(c) 2012  
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Table 8. Buy&Hold  
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2010 4.04% 14.19% 12.31% 18.70%

2011 18.69% 36.22% 48.55% 48.55%

2012 22.27% 5.39% -17.58% 31.42%
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